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Table detection in highway completion drawings using an object-detection
algorithm YOLOvV5
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Table detection in highway completion drawings using

an object-detection algorithm YOLOvVS5

Naoki Deguchi
Seiji Zenitani
Yusuke Nashita
Hideya Masutani

Abstract

The concept of the Urban Digital Twin is to recreate an actual city in a virtual space. By conducting various
simulations using the Urban Digital Twin, it will be possible to predict damages to the city by a large-scale
disaster, and then to minimize risks and damages by disasters. In order to create a digital twin, it is
necessary to import information of the structures from two-dimensional blueprints. To this end, we aim to
detect tables from a scanned image of highway drawings provided by Hanshin Expressway Co., Ltd.,
because the tables contain meta information of the drawings and of the structures. We use an object
detection algorithm YOLOVS5 to detect tables in the images. We study key factors to maximize the detection

accuracy, such as the number of training data and network models.
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